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A trajectory clustering method based on Douglas-Peucker clustering, trajectory segmentation,
compression and T density for marine traffic pattern Douglas-Peuker
recognition
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Understanding the tourist mobility using GPS: Where is the | clustering
next place?

13 Towards the Use of Neural Networks for Influenza Spatio-temporal data analysis,
Prediction at Multiple Spatial Resolutions autoregressive models, neural networks,

epidemic modeling

14 Short-Term Prediction of Passenger Demand in Multi-Zone | Machine learning for Spatio-temporal
Level: Temporal Convolutional Neural Network With Multi- | data, similarity measures, DTW, neural
Task Learning networks

15 Fused Matrix Factorization with Geographical and Social Machine learning for spatio-temporal
Influence in Location-Based Social Networks data, Matrix factorization, LBSN
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Where Point Process Meets Matrix Decomposition and data, Matrix factorization, LBSN, spatial
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via Cross-Modal Representation L earning representation learning
23 Region Representation Learning via Mobility Flow Machine learning, neural networks,
representation learning
24 Machine learning, neural networks,
Learning Embeddings of Intersections on Road Networks representation learning
Machine learning, neural networks
25 Revisiting Spatial-Temporal Similarity: A Deep | earning
, i -
26 Revisiting Convolutional Neural Networks for Citywide Machine learning, neural networks, crowd
Crowd Flow Analytics flow data, spatio-temporal data
27 AutoST: Efficient Neural Architecture Search for Spatio- Machine learning, neural networks,
Temporal Prediction spatio-temporal data, automated machine
learning (possibly interesting for people
following the AutoML course)
Deep Spatio-Temporal Residual Networks for Citywide Machine learning, neural networks
28 Crowd Flows Prediction
29 Machine learning, neural networks,
) ) ) representation learning
Hierarchically Structured Transformer Networks for Fine-
. . .
Urban analytics, new societal applications, new data sources
30 Poverty maps, remote sensing data, open
Transfer | earning from Deep Features for Remote Sensing data
and Poverty Mapping
31 Network analysis, LBSNs, Foursquare
based Social Networks Data
32

Public Health with Open Data
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33 Optimization application on New York
ADAPT-Pricing: A Dynamic And Predictive Technique for | taxi data
- o g . latf
34 Remote sensing data, open data
MMMM@MWI > - : - i
source remote-sensing data products on the urban
environment
35 Multiple data sources, open data
- i i
Data: A Case Study
36 Multiple data sources, open data
. l . ltinle Spatio- I
Data Sources
37 Foursquare LBSN + open data

38 | Dynamic macro scale traffic flow optimisation using crowd-

Foursquare LBSN + open data

39 BigEarthNet Dataset with A New Class-Nomenclature for

Remote sensing data, Open data source,
transfer learning, machine learning, neural
networks (a useful benchmark dataset for
testing your urban application ideas)

40 The determinants of the differential exposure to COVID-19

New data sources, Covid-19, exploratory
analysis

41 | Were Urban Cowboys Enough to Control COVID-19? Local

New data sources, Cell-phone data,
Covid-19 policy data
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New data sources, Open data sources,
Covid-19
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